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Abstract

The present paper deals with the reliability analysis of a system model which consists of two non identical
units and a repair machine. One of the units initially, is in operative mode and other is kept in standby
mode. Repair machine is initially in good condition, it may fails while repairing the failed units. In case
of failure of repair machine, firstly it undergoes on-line repair and then to off-line repair if not repaired
online. The failure time distributions of both the units and repair machine are assumed to be exponential
while the repair time distributions are taken as general. By using regenerative point techniques, various
measures of system effectiveness such as transition probabilities, MTSF, reliability, availability, busy
period etc. have been obtained. Also, some of them have been studied graphically. A simulation study is
also carried out to analyse the considered system model both in Classical and Bayesian setups. From the
graphs and tables, various important conclusions are drawn.

Keywords: Reliability, Mean Time to System Failure, Busy Period Analysis, Regenerative Point
Technique, Repair Machine, Bayesian Estimation, Maximum Likelihood Estimation.

1. INTRODUCTION

Reliability theory is a fundamental framework that plays a pivotal role in various fields, ranging
from engineering and economics to healthcare and social sciences. The essence of reliability
theory lies in assessing and ensuring the dependability and consistency of systems, processes,
or components over time.At its core, reliability theory addresses the inherent uncertainty and
variability in real-world systems, acknowledging that components may fail or degrade over time.
The primary objective is to quantify and enhance the reliability of these systems, ultimately
aiming for optimal functionality and durability. One key aspect of reliability theory is the study
of failure mechanisms and their impact on overall system performance.In the real-world, the
situations arise in many cases when the repair machine fails itself. Kumar et al. [5] studied
reliability measures of a two unit system with Inspection and On-Line/Off-Line Repairs Using the
Regenerative Point Technique. In this study they analysed a system model having two identical
units with the inspection of each unit also with single repair facility which is always available with
the system. Tyagi and Chaudhary [1] analysed a two non-identical unit parallel system subject
to two types of failure and correlated life times. They used the concept of two non identical
unit system with two types of repair. Also the units in this model are arranged in parallel
configuration. Kumar and Gupta [3] studied performance measures of a two non-identical unit
system model with repair and replacement policies. Kishan and Jain [4] carried a study on two
non-identical unit standby system model with repair, inspection and post-repair from Classical
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and Bayesian viewpoints, considering both failure and repair time distribution as weibull. Also a
Monte carlo simulation study is carried out. Lin et al.[6] adhered to the reliability analysis and
preventive maintenance using Classical and Bayesian semi-parametric degradation approaches of
a locomotive wheel-sets as a case study. Yue et al. [§] accomplished performance analysis and
optimization of a machine repair problem with warm spares and two heterogeneous repairmen.
Here first repairman is always available for serving the failed units, while the second repairman
leaves for a vacation of random length when the number of failed units is less than N. Goyal et
al.[2] studied reliability measures and profit exploration of windmill water-pumping systems
incorporating warranty and two types of repair. Malik et al.[7] studied reliability and economic
measures of a system with inspection for online repair and no repair activity in abnormal weather.
They considered two reliability models in which unit fails completely via partial failure. In the
present study, we analyze the reliability characteristics and estimate in Classical and Bayesian
paradigms. The parameters of two non identical units system model with a repair machine. Here,
one of the units initially is in operative mode and other is kept in standby mode. Repair machine
is initially in good condition, it may fail while repairing the failed units. In case of failure of
repair machine, firstly it undergoes on-line repair and then to off-line repair. The failure time
distributions of both the units and repair machine are assumed to be exponential while the repair
time distributions are taken as general. By using regenerative point techniques, various measures
of system effectiveness such as transition probabilities, MTSF, reliability, availability, busy period
etc. have been obtained. Some of them have been studied graphically. Also a simulation study is
carried out to analyse the considered system model both in Classical and Bayesian setups. From
the graphs and tables, various important conclusions are drawn.

2. SYSTEM DESCRIPTION AND ASSUMPTIONS

The system comprises of two non identical units A and B and one Repair machine. Initially one
of the units is in operative mode and other is kept in standby mode. Repair machine is used to
repair the failed units. Initially, repair machine is assumed to be in good condition. There might
be online and offline repair of repair machine. As soon as repair machine fails firstly it goes
to online repair and then to offline repair, if online repair fails to fix problem. The failure time
distributions of both the units and Repair machine are assumed to be exponential while the repair
time distributions are taken general in nature. Once a component is repaired it is as good as new.

3. NOTATIONS AND SYMBOLS

«q :Failure rate of unit A F1(.) : Cdf of repair time of unit A

o :Failure rate of unit B F>(.) Cdf of repair time of unit B

3 :Failure rate of repair machine F3(.) : Cdf of online repair time of repair machine
B : Online to offline repair rate. F4(.) : Cdf of offline repair time of repair machine
Ay /By :Units are in operative mode As/ Bs :Units are in standby mode

Ay /By :Units are under repair Awr/ Bwr:Units are waiting for repair

onRM;/, FFRM;: Online/Offline repair of Repair machine.

3.1.  Symbols for the states of the system

Sp = [Ao, Bs, RM] S3 = [Awr/ B,, onRMr]
S1 = [A;, By, RM] S4 = [Awr, Bo, o fRM;]
52 = [Ar, Bwr, RM] S5 = [Awr/ Bwr/ onRMr]
S; = [Ao, B;, RM] S6 = [Awr, Bur, offRM;]
58 = [Ao/ Bur, onRMr] 59 = [Am Bur, offRMr]

The transition diagram along with all transitions is shown in Figure 1
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Figure 1: Transition Diagram

4. TRANSITION PROBABILITIES AND SOJOURN TIMES

The steady state transition probabilities are given by,

= lim Q;;(¢) /ql] t)dt p(l]) = tth” (t) and pg(’) = thkl( t)

t—c0 t—rc0

In particular we have

pio(t) = /fwe**ztdﬁ(t) = i;l(vé2+0é3)

Similarly,
pis = g1~ Fla2 +3) P = [1- Fi(es)] - (1 — Fi(az +a3)]
P(127) —f (a3) — R (a2 + a3) ps=1-— R (a3)
p2r = Fi (a3) Py = PE(ocz +B)
psa = bl — Fy(a2 + ) pss = syipll — Fa(o + )
pa = Fi(w) pas = [1- Fy(az)]
ps2 = Fs (B)] pss =1—Fs (B)
P70 = Fa(ay + a3) pr = a1+a3 [1 = Fa(a + a3)]
P78 = Wr% [1- Fz(M +a3)] pss = g 1pll — P3(0<1 +B)]
ps7 = F3(1 + B) psy = zhgll— F3(1 +B)]
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poe = [1 — Fy(a1)] po7 = Fy(a1)
Thus, we observe the following relations:
2 @
P10+P13+P15)+P17)=1 ps+p7 =1
ps2+ pse =1 P31+ pas+p3s =1
pa1+pae =1 p7o+p7+p =1
pss + ps7 + psg =1 pos + po7 =1
po1 = pe2 =1

4.1. Mean Sojourn times

In reliability, Mean Sojourn time ;, refers to the expected amount of time a system spends in a
specific state before making a transition to another state. To find ; for state S;, we observe that
there is no transition from S; to any otherstate as long as the system is in state S;. Let T; denotes
the sojourn time in state S; then mean sojourn time ; in state S; is:

¥i = E[T}] = /P(Ti > t)dt
Hence, using the above formula following values for mean sojourn time are obtained:

Yo =L ¢1:m[1*P1(“2+0€3)]

R
=

2 = 5 [1— Fi(a3)] Y3 = gl — B2(a2+ )]
Pa = L1 - Fi(a)] g5 = 3[1— F3(p))
e = [ Fa(t)dt Y7 = m[l - FNz(“l +as)]
Y5 = i1 — Bl +B)] Yo = A[1-Fy(ay)]

5.  ANALYSIS OF RELIABILITY AND MTSF

Let T; be any random variable which denotes the time to failiure of the system when system
starts up from state S; € E;, then the reliability of the system is given by

Ri(t) = P[T; > 1]

To obtain R;(t), we consider failed states as absorbing states. By referring to the state transition
diagram, the recursive relations among R;(t) can be formulated on the basis of probabilistic
arguments. Taking Laplace transform and solving the resultant set of equations forRy(s), we get

Ri(s) = o) 0
where,

Ni(s) = Zo[1 — q15(q31 + 934(941 + Z1))] + 901(Z1 + 915(Z3 + Z1qa4)]

D1 (s) = 1 —q13(431 + q34941) — 01910

By taking inverse Laplace Transform of (1), we get reliability of the system.To get MTSE, we
use the well known formula

E(To) = [ Ro(t)dt = imRi(s) = 5o @)
N1(0) = o[l — p13(p31 + paa(par + ¥4))] + por (1 + p13(¥3 + Yapss)]
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and
D1(0) =1 — p13(ps1 + p3apa1) — po1pio

Since we have ¢;(0) = p;j and lim Zj(s) = [ Z;(t)dt = 1,[71-
] §—0

6. AVAILABILITY ANALYSIS

Availability refers to the probability that a system is available at time 't’ given that initially it
started from S; € E;. Point wise availability refers to the availability of a system at a specific point
in time. It is a measure of system performance and indicates whether a system is operational
and providing its intended service at a particular moment. By using stochastic arguments, the
recurrence relations among different point wise availabilities are obtained and taking the Laplace

transforms and solving the resultant set of equations forAg(s), we have

496 = iy

Na(s) =Zo[1 — qi3A(q31 + 938941)] + A(Z1 + Z3q13 + Zaq13934) + Z5

2)%x k% 2)% ko k * 2)% 2) % *
B4\ + giaq35) + 4\2"C + q13q31D] + 57 (412" +4{2") 25

+ Z8 + q78 + 25978950 + 013927E[Z7 + Zgq7s + Z5q73989]
Here,

A =qy7(1—qz8)

B=1- Q2*7¢17*2 - ‘77*8’78*7 - Q7*8%*9Q9*7 - q2*7q7%l78*9q;6
C =q25972 + 478987 — 478989997 — §27978989996

D =q25q464467887 (1 — 427997)

E =q33946 + 935

and,

Dy (s) =q27[1 — q72 — 978987 — WTM%H — (78989997 — 478985 + q%lﬁ?

(935 + q31946)] — Flqio +913(q31 + g3aq41)]
where,
F =q27[1 — g7 — q78(qs7 — 485 + 4894997 — 89496 )|
The steady state availability is given by

_ N2(0)
D, (0)

Ap = lim Ay (t) = limsA}
0 tg?o O<) SIL%S O(S)

Limits of integeration whenever they are 0 to co are not mentioned.
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now we know that, g;;(t) is the pdf of the transition time from state Si to Sj and also g;;(t) is
the probability of transition from state S; to S; during the interval (t, t + dt), thus

qij(s)|s = 0 = q;;(0) = pjj
We also know that
limZ; ( /Z t)dt = ¢
s—0
Therefore,

N> (0) =tpo[1 — p13A(p31 + paapar)] + A1 + 1P3P13 + Pap13pas) + P5(B (P15)+

p13p3s) + ng)c + p13paaD] + P27(P§5) +p )7 + s + prs + Poprspss)

+ p13p27E[Y7 + Zpgprs + Zipaqprgpso]

Here,

A =py7(1 - prs)

B =1 — po7p72 — p78Ps7 — P78P89P97 — P27P78P89P9%6
C =pasp72 + p78ps7 — P78PsaP97 — P27P78P89P9%

D =paspae — pacprspsy(1 — pazpor)

E =p34pas + p35

and

D5(0) =po7[1 — p72 — prsps7 — P70P527) — P78Ps9p97 — P7sPss + P70P%) — P13P70
(p3s + paapae)] — Flpio + p13(p31 + paapar)]

where,
F =pa7(1 — pr2 — prs(ps7 — pss + psopor — psopos)]

The steady state probability that the system will be up in long run is given by
Ag = lim Ag(t) = limsAo(s)
sNy(s) s

li =1l 1
slir(l) DZ(S) SLI})NZ(S)SIL%Dz( )

Since as s — 0, Dy (s) becomes zero. Hence, on using L'Hospital’s rule, Ay becomes

4o =220 @)

D>(0)

where,

D;>(0) =9 A + pazp70(1 + P3p13) + 2B + po7(Papizpzapzs + P7F) + sC + D 5)
+ p27p78(WSE 4 opsoF)
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here,

A =p10[(p27(1 — p72) — praps7 — prapPsoper) — Prs(Paspsy + Parpss) + prspso(paspor
- P27P96)] - P70(P25P§27) - P27P%)) + P13P27P70(P35 + P34P46)

B = 1—p1o(1 — p7spsopar) — p13psapar (P52 — prspsoper) — P13P31Ps6(1 — prspsy)
- P25P70P§§) — preps7(1 — p1o) — p7spsopar (1 — pi3ps1)

C =pas[1 — E(p13p31 + p1o + p13paapar) — P70P§27) — p78(ps7 + psopaz)] + p2zlp7spss
2
F(P70(P§5) + p13p3s))]

D =pospse|l — E(p13p31 + pio + pi3paapar) — P70P527) — p7s(ps7 + psopar)]

+ p27pss[p7spssE + prspso + P70(P%) + p13p3s)] + p13p2z[p3a(paspro — Pa1p78psopoe)
— P13P78P89P96] — P10P27P78P89 P96

E =1 — pzps7 — p78P89P97

F =1—p1o — p13ps1 — P13pzapPa1

Using N> (0) and D} (0) in equation [4], we get the expression for Ag. The expected up time of
the system during (0,t] is given by

pup(t) = [ Ao(u)iu

So that,
. Ag(s)
Hup = OS

7. Busy PERIOD ANALYSIS

B;(t) refers to the probability that the system having started from regenerative state Si€ E, at time
t=0, is under repair at time t due to failure of the unit. To find these probabilities, we use simple
probabilistic arguments and further on taking Laplace transform and solving the resultant set of

equation for By(s), we have

55~ B
where,

Ns(s) =219 + Z2[a33 " A+ a3y B+ AdisCl 2713 (012" + 017" + ais3,C]

here,

A =1—q75q957 — 978989997

B =q3; + 475955 + 97898999
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C =435 + 934916

and, D;(s) is same as given by[3]. In the steady state, the probability that the repairman will be
busy is given by

By = lim By(t) = limBg(s) =
o = lim Bo(#) = LimBo(s)

where,

N3(0) =Z1pa7p70 + ZZ[P%)A + B+ ApisC) Z7[P27(P%) + P2 + praparC

here,

A =1 — prgps7 — P78P89P97
B =pa7 + prspss + prspPsopoe

C =p35 + p3sPae

and D, (0) is same as obtained in [5]. The expected busy period of the repairman during (0,t]
is given by

p(t) = [ Bo(u)d

So that,

8. ExPECTED NUMBER OF REPAIRS

V;(t) is defined as the expeted number of repairs during the time interval (0,t] of the failed units,
when the system initially starts from regenerative state S;. Further, by the definition of V;(t) the
recurrence relations are easily obtained and on taking their Laplace- Stieltjes transforms and

solving the resultant set of equations for Vo(s), we get

-
where,

Ny(s) :(527[670(510 - (N3(127)) + (5(125)14 + (5133(535 + (534646)]

here,

A =1+ Q56Qy0 — QrQg7 — QrgQs9 Q97

B =1+ Qy — Qz8Qs7 — Q78Qs9Q97

and Dj(s) is written by replacing qj;j and q(];)»* by éij and é(i]? respectively in the equation (7).
In the steady state, the expected number of repairs per unit time is given by

Vo = limVo(t) = limsVo(s) = ~2(0)
t— o0 s—0 DQ(O)
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where,

N4(0) =paz[p70(p10 — P%)) + P%)A + p13B(p35 + p3apae)]

here,

A =1+ psep70 — Prsps7 — P78PsoP97
B =1+ p70 — p78ps7 — P78P89P97

9. ProFIT FUNCTION ANALYSIS

As the reliability charateristics are obtained, the profit function P(t) for the system can be obtained.
Profit is defined as excess of revenue over the cost, therefore the expected total profits generated
during(0,t] is given as :

P(t) = Expected total revenue in(0,t] - Expected total expenditure in(0,t]

= KO,uup(t) — Kll/lb(t) - KZVO(t)

where,
Ko = Revenue per unit up time of the system.
Kj = Cost per unit time for which repair man is busy in repairing the failed unit.
Ky = Cost of repair per unit.
In steady state, the expected total profits per unit time, is given by:

P(t *
p— tim 2 _jim s2P(s)
t—oo f 5—0
Therefore, we have

P = KogAg — K1By — K3 Vg (6)

10. EsTIMATION OF THE PARAMETERS, MTSF, AND PrOFIT FUNCTION

10.1. Classical Estimation

10.1.1 ML Estimation
Let

X1 = (%11, %12, s X1ny ), X2 = (X021, X020, - X2p,), X3 = (X31, X302, o) X313 ), Xa = (X41, X42, - Xan, ),

X5 = (X51, %52, s X505, X6 = (X1, %62 s Xong ), X7 = (X701, X72, o0 X7, Xg = (X81,X82, - X811g)
Therefore, Likelihood function of combined sample is :
L = (X1, X2, X3, X4, X5, X6, X7, Xg|a1, 22,23, A1, A2, A3, Ay, B)
Now pdf of exponential distribution is :A exp(—Ax)

L =M ap"a3"™ A" A" A3"0 917" exp — (ag Wi + o Wa + az W3 + AWy + Ao W5
+ A3Wg + AgW7 + ,3W8)

Here,

nj
Wi=}) x;1=1234,5678
n=1

366



P. Sharma, P. Kumar, S. Sharma RT&A, No 2 (84)
RELIABILITY MEASURES AND CLASSICAL... Volume 20, June 2025

Taking log b/s, we get

logL =njloga + nyloguy + n3logas + nglogAy + nsloghy 4+ nglogAs + nyloghs + nglogfy

7
— (tX1W1 4+ apWh + asW3 + AWy + AW 4+ A3 W5 + A4 W + ﬁWg) @

Now we obtain, MLE (&1, &y, &3 LA Ao, Az, Ad, ﬁ)of the parameters
(a1, a2, 23,A1,A2, A3, Ay, B) as

& = fi, by =%
&y = i, ﬁq:%
Ay = 72, Ay =gt
b= i p= it

The asymptotic distribution of(/fy — a1, & — ap, o3 — az, A=Ay, Ap — Ag, Az — As, Ay — )\4,[3 —
B) ~ Ng(0,171), where I is the Fisher Information matrix with diagonal elements as

n n n n n n n n
Illzé/ 122=07§, 1332072, 14427‘%, 155272, 166272, 177272, 1882/73

and all non-diagonal elements are zero. The MLE M & P of MTSF and Profit function
can be obtained using the invariance property of MLE. Also the asymptotic distribution of
(M — M)isN(0, A’I"1A) & that of (P — P)isN(0, B'I"'B), where

A/:(éM oM M M M M M §M)

50(1’ 50{2’(50{3’ éaz’ 5)\2’ 5)\3’ 5)\4’ (5,3

B/:((SP oP 6P 6P 6P P 4P §P)

5017 Bz’ daz’ SAL’ dA3’ SA3’ BAs’ OP

10.2. Bayesian Estimation

Bayesian estimation is a statistical approach used to determine the impact of prior knowledge as
well as the sample information.The Bayesian method of estimation is taken into consideration
in this part for estimating the model parameters.The parameters involved in the model are
random variables having independent Gamma prior distribution.Here, we estimate the unknown
parameters while taking into account the gamma prior distribution and the corresponding PDFs.

a1 ~ Gamma(aq,by) (x1,a1,b1) >0, (8)
ay ~ Gamma(az, by)  (ao,42,b2) >0 9)
a3 ~ Gamma(az, bs) (a3, as,b3) >0 (10)
A ~ Gamma(ay, by)  (Aq,a4,b4) >0 (11)
Ay ~ Gamma(as,bs)  (Ap,as,bs) >0, (12)
A3 ~ Gamma(ag, bg) (A3, a6,bs) >0 (13)
Ay ~ Gamma(az, b;)  (Ag,a7,b7) >0 (14)
B ~ Gamma(ag, bg) (B, as, bg) >0, (15)

Here,a; and b; (i =1,2,3,4,5,6,7,8) denotes the shape and scale parameters. Now using likelihood
function and taking prior distributions, the posterior distributions of these parameters is obtained
as follows:

a1| X1 ~ Gamma(ny + ay, by + Wy) (16)
ap| Xy ~ Gamma(ny + az, by + Wp) (17)
a3| X3 ~ Gamma(ns + a3, by + W3) (18)
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A | Xy ~ Gamma(ng + ag, by + Wy) (19)
A2| X5 ~ Gamma(ns + as, bs + Ws) (20)
A3|Xg ~ Gamma(ng + ag, bg + We) (21)
Ag| X7 ~ Gamma(ny + a7, by + Wy) (22)
,B|}£8 ~ Gamma(ng + ag, bg + Wg) (23)

To obtain Bayes estimates and width of HPD intervals of the parameters,we generated obser-
vations from the above posterior distributions. For attaining Bayesian estimation of MTSF and
profit function we substituted the above draws directly into the equations [2] & [6]. Assuming
square error loss function, the sample means of respective draws are taken as Bayes estimates of
parameters and reliability characteristics.

11. SIMULATION STUDY

A simulation research is carried out to investigate the behaviour of parameters estimates
and reliability features. The Standard Error(SE)/Posterior Standard Error(PSE) and width
of confidence/HPD intervals are computed and are given in Table 1-6. Samples of sizes
Ny = np = N3 = Ny = N5 = ng = ny = ng = 100 have been drawn from the six considered
distributions by assuming various values of the parameters as given in Tables 1-6. The number of
iterations taken are 10000. All calculations are performed in R software.

Table 1: The values of MTSF for fixed Ay = 0.15 and varying ay

«1 True MTSF MLEMTSF SE CI Bayes MTSF PSE HPD Interval

01 15729 10.11 0.0042 0.068 10.05 0.00098 0.00076
0.2 9.114 5.03 0.0032 0.034 5.043 0.00075 0.00062
0.3 6.909 3.39 0.0029 0.024 3.369 0.00050 0.00049
0.4 5.807 2.55 0.0027 0.021 2.536 0.00044 0.00037
0.5 5.145 2.06 0.0025 0.019 2.032 0.00047 0.00028
0.6 4.704 1.70 0.0025 0.018 1.697 0.00042 0.00038
0.7 4.389 1.47 0.010 0.018 1.456 0.00044 0.00034
0.8 4.1536 1.28 0.0024 0.017 1.282 0.00049 0.00030
0.9 3.969 1.14 0.0024 0.017 1.138 0.00037 0.00025
1 3.822 1.02 0.0024 0.017 1.029 0.00047 0.00038

Table 2: The values of MTSF for fixed A1=0.35 and varying aq

a1 True MTSF MLEMTSF SE  CI Bayes MISF PSE HPD Interval

0.1  20.034 10.15 0.0068 0.069 10.109 0.0022 0.0012
02 11.267 5.10 0.0045 0.034 5.065 0.0011 0.00069
0.3 8.344 3.42 0.0037 0.025 3.387 0.00073 0.00055
0.4 6.883 2.55 0.0032 0.021 2.545 0.00061 0.00063
0.5 6.006 2.10 0.0031 0.019 2.038 0.00061 0.00056
0.6 5.422 1.70 0.0029 0.018 1.707 0.00060 0.00043
0.7 5.005 1.48 0.0028 0.018 1.464 0.00080 0.00049
0.8 4.691 1.32 0.0027 0.018 1.283 0.00061 0.00038
0.9 4.448 1.16 0.0026 0.017 1.145 0.00049 0.00044
1 4.253 1.08 0.0026 0.017 1.034 0.00059 0.00030

368



P. Sharma, P. Kumar, S. Sharma
RELIABILITY MEASURES AND CLASSICAL...

RT&A, No 2 (84)
Volume 20, June 2025

Table 3: The values of MTSF for fixed A=0.65 and varying aq

«q True MTSF MIE.MTSF SE

CI Bayes MTSF PSE HPD Interval

0.1 26493 10.18 0.011 0.070  10.1892 0.0024 0.0019
02  14.496 5.15 0.0066 0.035 5114 0.0016 0.0014
03 10.497 3.47 0.0050 0.025 3.418 0.0010 0.00083
0.4 8.498 2.57 0.0043 0.021 2.563 0.0010 0.00088
0.5 7.298 2.10 0.0038 0.019 2.061 0.0010 0.00056
0.6 6.498 1.73 0.0036 0.018 1.719 0.0010 0.00063
0.7 5927 1.48 0.0034 0.018 1.478 0.00085 0.00046
0.8  5.499 1.31 0.0032 0.018 1.297 0.00063 0.00060
0.9 5.165 1.18 0.0031 0.017 1.152 0.00057  0.00052
1 4.899 1.08 0.0030 0.017 1.040 0.00053 0.00052
Table 4: The values of Profit for fixed A1=0.15 and varying «q

a1 True profit MIE.Profit SE C.I Bayes Profit PSE HPD Interval
0.1 565.66 504.78 498.53 57520  479.28  397.45 291.21
0.2 402.36 383.26  397.36 810.27  350.27  323.22 159.32
03 311.70 317.39  635.72 636.85  265.39 63.56 46.57
04 254.26 275.92  526.51 951.11  204.74 45.93 33.66
05 214.62 24742  877.84 46426  159.05  743.24 544.48
0.6 185.61 22648 376.34 96133  123.31 25.80 18.91
0.7 163.44 210.38  631.29 451.36 94.53 24.65 18.06
0.8 14592 197.58  662.10 739.46 70.84 20.19 14.79
09 131.71 18711  718.50 516.67 50.96 81.40 59.64
1 119.95 178.39  643.89 545.35 34.03 15.60 10.70

Table 5: The values of Profit for fixed A1=0.35 and varying aq

a1 True profit MIE.Profit SE CI Bayes Profit PSE HPD Interval
0.1 821.06 543.02  602.82 626.98 629.57  319.08 233.79
0.2 620.12 41943 68935 691.46 54735  275.89 161.56
0.3  496.74 34593  678.57 543.09 483.00  141.41 103.61
0.4 41410 29873  653.09 80217  430.65  195.75 143.42
0.5 355.20 266.05  632.30 583.35 387.01 89.59 65.64
0.6 311.25 242,08  652.66 1043.69  249.95  139.17 101.97
0.7 27725 22372 750.20 1033.47  318.03 28.31 20.74
0.8 250.25 209.17 52756 876.81 290.21  156.78 114.87
0.9 22819 3197.35 712.67 607.05 265.74 51.75 37.92
1 209.93 187.52  3884.21 993.43 244.01 89.38 65.49

Table 6: The values of Profit for fixed A1=0.65 and varying aq

a1 True profit MIE.Profit SE C.I Bayes Profit PSE HPD Interval
0.1 10213 547.18 893.57 364.97  718.30  249.01 182.45
02 8131 44150 531.40 436.79  667.84  526.05 110.66
03 6726 369.25 580.49 481.96  624.46  405.31 296.97
04 5721 319.94 405.80 31323  586.36  290.30 212.70
05 4971 284.78  613.66 522.86  552.48  191.82 140.54
0.6 4392 258.59  624.87 678.83  522.07 67.79 49.67
07 3934 238.37  554.60 720.39  494.59 71.09 52.09
0.8 3562 22228 766.52 416.82  469.60 89.92 65.89
09 3255 209.17  733.96 55296  446.77  52.28 72.69
1 299.8 198.27 788.98 788.43  425.81 30.95 22.68
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12. GRAPHICAL STUDY

A graphical analysis of the system model provides a more insightful and vivid representation of
system behaviour, allowing for a clear visualization of failure transitions, repair processes, and
overall system performance. So for more concrete study, we plot MTSF and Profit function wrt a4
failure rate of unit A for different values of A; repair rate of unit A as 0.15, 0.35 and 0.65. Here all
other parameters are fixed ap= 0.007, a3= 0.009,42=0.09,A3=0.06,A4 = 0.07 $=0.7,K(=1500,K;=300
and K»=250.

Figure 2: (a)Behaviour of MTSF wrt to ay for different values of A and (b)Behaviour of Profit wrt to ay for different
values of A\

Figure 3: (a)Behaviour of True MTSF, MLE MTSF & Bayes MTSF wrt to aq for Ay= 0.15 and (b) Behaviour of True
MTSF, MLE MTSF & Bayes MTSF wrt to aq for Aq= 0.35

$4

Figure 4: (a) Behaviour of True MTSF, MLE MTSF & Bayes MTSF wrt to aq for Ay= 0.65 and (b) Behaviour of True
Profit, MLE Profit & Bayes Profit wrt to ay for A;=0.15
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Figure 5: (a)Behaviour of True Profit, MLE Profit & Bayes Profit wrt to ay for Ay= 0.35 and (b) Behaviour of True
Profit, MLE Profit & Bayes Profit wrt to ay for Ay=0.65

13. DiscussioN AND CONCLUSION

From tables and figures we may conclude that MTSF decreases as the failure rate a1 increases
whereas it increases as the repair rate A; increases. Same trends follows for profit function.
Additionally, Tables 1-6 show that for fixed and variable parameters, Bayes estimates of the MTSF
and profit function are better than MLEs because they have lower PSE, and the width of HPD
intervals is smaller than the width of confidence intervals. Therefore based on this analysis we
conclude that the Bayes approach is superior to the Classical approach for estimating the MTSF
and profit function for the examined model.
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