Poonam Sharma, Pawan Kumar RT&A, No 3 (79)
ANALYSIS OF TWO NON-IDENTICAL... Volume 19, September 2024

ANALYSIS OF TWO NON-IDENTICAL UNIT SYSTEM
HAVING SAFE AND UNSAFE FAILURES WITH
REBOOTING AND PARAMETRIC ESTIMATION IN
CLASSICAL AND BAYESIAN PARADIGMS

PoonaM SHARMA AND PAWAN KUMAR

)
Department of Statistics, University of Jammu, J&K
sharmapoonam1038@gmail.com, pkk_skumar@yahoo.co.in

Abstract

The present paper aims at the study of a two non-identical system model having safe and unsafe failures
and rebooting. The focus centers on the analysis w.r.t important reliability measures and estimation of
parameters in Classical and Bayesian paradigms. At first one of the units is operational whereas other
one is confined to standby mode. Any unit may suffer safe or unsafe failure. A safe failure is immediately
taken up for remedial action by a repairman available with the system all the time, while the case of unsafe
failure cannot be dealt directly but first rebooting is performed to convert the unsafe failure to safe failure
mode so as to start repair normally. A switching device is used to make the repaired and standby units
operational. The lifetime of both the units and switching device are taken to be exponentially distributed
random variables whereas the distribution of repair times are assumed to be general. Regenerative point
technique is employed to derive assosciated measures of effectiveness. To make the study more elaborative
and visually attractive, some of the derived characteristics have been studied graphically too. A simulation
study has also been undertaken to exhibit the behaviour of obtained characteristics in Classical and
Bayesian setup. Valuable inferences about MLE and Bayes estimates have been drawn from the tables and
graphs for varying values of failure and repair parameters.

Keywords: Reliability, Availability, Mean Time to System Failure, Regenerative Point Technique,
Rebooting, Coverage Proabability, Bayesian Estimation, Maximum Likelihood Estimation.

1. INTRODUCTION

Reliability is a fundamental concept that underpins the dependability and consistency of systems,
processes, products, or services. It is the assurance that something will perform its purposeful
function or deliver expected outcomes consistently and without failure over a specified period or
under specific conditions. In a world where technological advancements and complex interde-
pendencies are ever-increasing, reliability has become a critical factor in determining the success,
safety, and satisfaction of individuals, businesses, and societies at large. We observe that machine
failure, which results in significant losses, frequently follows unit failure. The incorporation of
standby units is one strategy for enhancing reliability. Also, there are cases where the root cause
of a unit failure is not immediately identified, leading to inadequate coverage that must be fixed
by rebooting. Depending on the complexity, the length of the reboot time varies from system
to system. Recent times have seen extensive and rigorous research on reliability, availability,
standby systems, inadequate coverage, reboot, etc. Sharma & Kumar[1] examined the concept of
two similar units with one switching device and imperfect coverage. In case of unsafe failure,
repair cannot begin immediately but first rebooting is done which transforms the unsafe failure

364



Poonam Sharma, Pawan Kumar RT&A, No 3 (79)
ANALYSIS OF TWO NON-IDENTICAL... Volume 19, September 2024

to safe failure and then repair is carried out. Trivedi[2] gave the concept of reboot in his work
"Probability & Statistics With Reliability, Queuing and Computer Science Applications" Gupta
et al.[3] carried a study about two dissimilar unit parallel system accompanied by correlated
lifetimes. The system stops functioning when both of the units fail. Wang & Chen [4] provided a
comparative analysis by computing the availability of three systems with General Repair times
and Reboot delay. Pham [5] performed analysis of reliability of a system with high voltage
having dependent failures and insufficient coverage. A high voltage (HV) system that consists
of a power supply and two transmitters is considered. Also a model of the HV system and a
detailed development of the reliability function are presented. Ke et al. [6] examined a resolvable
system with insufficient coverage and reboot. As a unit fails, it can be immediately detected,
and replaced with a coverage probability c. Kumar P & Jain M [7] proposed the machine having
multi-components with service interruption, imperfect coverage, and reboot .Kadyan & Malik
[8] performed a stochastic study on non-identical units with cold standby units operating at the
same time. The idea of Classical and Bayesian estimation in a two non-identical unit parallel
system is given by Saxena et.al[9], where the Bayesian estimates are calculated by taking different
priors. Also, a comparative study is done to determine the performance of Maximum likelihood
estimation and Bayesian estimation methods. Kishan & Jain [10] put forth the idea of study
of system model both in classical and Bayesian perspectives and some important measures of
reliability characteristics of a two nonidentical unit standby system model with repair, inspection
and post repair are obtained using regenerative point technique.

Keeping above ideas in mind, this paper deals with the performance measures and estimation of
parameters of a two non-identical units system with switching device and rebooting having safe
and unsafe failures. Switch is used to turn on the unit from standby to operational mode and
initially is assumed to be in good condition. Unsafe failures occur when the cause of any of the
breakdowns is unknown and can be resolved by rebooting. Reboot delay times and failure times
for both units and switch are assumed to be exponentially distributed, whereas the repair time
distributions are taken to be general in nature. Other measures, such as mean time to system
failure, reliability, availability, and expected number of repairs, have been calculated using the
regenerating point technique. Furthermore, a simulation study is carried out to examine the
given system model in both the Classical and Bayesian setups. Finally, numerous noteworthy
conclusions are drawn from the tables and graphs.

2. SYSTEM DESCRIPTION AND ASSUMPTIONS

e The system is composed of two non-identical units, A and B, coupled by a switch, S.

e Initially, one of the units is functioning, while the other remains in standby mode. A switch
assists to turn on the repaired and standby components. During the early stage, switch is
supposed to be in operable condition.

o There may be both safe and unsafe failures among the units but only a regular switch failure. If
any of the unit fails safely, it can be identified with coverage probability ¢, and repaired instantly
if the repairman is present.

o In the event of an unsafe failure, repair can’t begin instantly; instead, a reboot is first performed
to convert the unsafe failure to a safe failure, followed by a usual normal repair. Reboot delay
periods are taken as exponentially distributed random variables with varying parameters.

e The system has a dedicated repair facility and is constantly accessible to repair and reboot
failed items. Switch repair has priority over failed items in the system.

e The failure times of the units and switch follow an exponential distribution, whereas the repair
time distributions are general.

o A repaired item functions as new.
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3. NOTATIONS AND SYMBOLS

«q: Failure rate of Unit A F1(.): Repair rate of unit A
«p: Failure rate of Unit B F>(.): Repair rate of Unit B
ag: Failure rate of Switch F3(.): Repair rate of Switch

c:  Coverage probability
71: Rebooting delay rate for unsafe failure of Unit A
72: Rebooting delay rate for unsafe failure of Unit B.

3.1. SYMBOLS FOR THE STATES OF THE SYSTEM

Ao/ Bp :Units in operative mode S¢/Sy  :Switch under good/repair condition
A,/ B, :Units under repair Awr/Bwr :Units waiting for repair

As/Bs :Units in standby mode Aysf/ Busp:Units having unsafe failure

Using the symbols provided above, the achievable states of the system are:

So = [Ao, Bs, S¢] S1 = [Ay, By, S¢] S2 = [Ausf, Bg, Sgl

S3 = [AO/ Bs, Sr] Sy = [Ausf/ Bg/ Swr] S5 = [Awrr By, Sr]

Se = [Awr/ Busf/ Swr} Sy = [Awrr Buwr, Sr] Sg = [Awr/ Busfr Sg]

Sg = [Ar/ Bur, Sg] SlO = [AO/ By, Sg] S = [Ausf/ Buwr, Sg]

Sip = [Agr Byr, Sr] S13 = [Awr/ Bg/ Sr]

The transition diagram of the model is shown in Figure 1.

Awr Busf Awr Bwr
Swr \2 Sr —

Sy

Sa Sz
Ausf Bg Ausf Bg

Ss »
Awr Busf

Ausf Bwr
Sg

O: Operative state |:|: Down state x : Non-regenerative

Figure 1: Transition Diagram
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4. TRANSITION PROBABILITIES AND SOJOURN TIMES

The long-run or of the steady state probabilities are obtained as under,

. k . k .
pii = };%Qij(f) = [qij(t)dt P(ij) = }g{}oQ(ﬁ)(f) and pg{'l) - }L%Qi'cfl(t)'
In particular we have
£ — /D( Ce—lecte—al(l—c)te—lxsfdt L
por(t) = [ m (&1 + a3)
Similarly,
17
POZ = a‘il(-l,-ag) N p03 = txlof:ag,
pis = w1 — Fi(az + a3) pis = "2 1 R(a + a3)]
— 9 r
P10 = ?E"Q;' “3) Pg,l)o = a;jj’és [1 N Fi(ﬂcz * 0(3)]
P?%)— 3 (";l pN( ’ pas = (1—¢c)(1 - F3(a1))
P31 =i = Bla — F
~ ps1 3(a2)
Pse = (1 — C) [1 — F3(0(2)] Pég) = c[l — fg, (Déz)]
prog1 = =0 FNz(‘Xl + az)] wyc F,
¥ IR P10,9 = m[l - FZ(‘Xl + “3)]

P1012 = alaf,xs [1—F(aq +a3)]
Thus, the following relationships can be established
= 13
Poi+ po2 + pos 1(9) P30+P34+P§3§)=1
P15+ p1s + p1o + pii0 = 1 7 _
’ P51+ pse + pso =1
P100 + P109 + P1o11 + Pro12 = 1

P67 = P79 = P89 = P131 = P413 = P11,9 = P21 = P12,10 = P9, 10 = 1

4.1. Mean Sojourn times

In reliability, Mean Sojourn time ;, is the expected length of time a system spends in a certain
state before moving to another. There is never any transition from S; to any other state, as long as
the system is in state S;. We utilize this knowledge to determine ; for state S;. Given T; as the
sojourn time in state S;, the mean sojourn time ; is as follows.

yi = E[T}] = /P(Ti > t)dt

Hence, using the above formula following values for mean sojourn time are obtained:

%:m lPl:W[l_Fl("‘Z"‘“S)]
g5 = 111 - By(a)] g5 = L1 F(m)]
4’221/14:1#11:% ‘/’6:1/’8:%

po = [ Fi(t)dt Y10 = Gty [1— Baler +a3)]

7 = 1 = P13 = [ F3(t)dt

5. ANALYSIS OF RELIABILITY AND MTSF

Let random variable T; represents the life time of system when it initiate from state S; € E;, the
system’s reliability is determined by:

R;(t) = P[T; > {]
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To calculate R;(t), we treat failed states as absorbing states.

The recursive relations between R;(t) can be established using probabilistic arguments by referring
to the state transition diagram. Using the Laplace transform and determining the set of equations
for Ro(s), we get

wy _ Nils)
RO(S) - D1(5> (1)
E] where,
Ni(s) = Zo + Z3q03 + Z5q01415 — Zoqi5451 — 23403915951
Di(s) = 1~ qoi910 — q15q51 — 03930 + 03915930751
We obtain the system’s reliability by taking the inverse Laplace transform of (1).
To obtain MTSF, we use the given formula
. * Ny (O)
E(Ty) = | Ro(t)dt = limRq(s) = )
(To) = [ Ro(t)dt = limRs(s) = 53 @

where,

N1(0) = 9o + P1po1 + Pspo1 P15 — PoPisPs1 — P3Po3P15P51

and

D1(0) =1 — po1p10 — P15P51 — Po3P30 + Po3P15P30P51
Since we've q};(0) = pjj and lim Zi(s) = [ Z;(t)dt = ¢
] s—0

6. AVAILABILITY ANALYSIS

The probability that a system is able to perform its intended task at time t’ if it initiates from
S; € E; is known as Availability. Point wise availability refers to a system’s availability at a
specified time. It is a measure of system performance that reflects whether a system is potentially
operational and able to provide the expected service at a given time. Using stochastic reasoning,
recurrence relations between different point-wise availabilities are established. Using the Laplace
transformations and solving the equations for Ay(s), we obtain

46~ B

where,

Na(s) = Zoqisgsibr + Z3(q02 — qosb1) — (Zo + Z1 Y1 + Z5Y3) (q10,999,10) + fo)qg?l)éyl —(Zo+Z111)
(F1012912.10) — Z3903 + Z5Y1 + (Z1 + qu%)qogqé?)*%fg%ofn%jo + Z1099,10b3(Z1 + Z5q15)
(Zo+ Z1Y2) 9119910119910 + Z1091898999,10Y1 + q03934G13194,13b2 + 915991021004 + (Z1 + Z3)
q03 + Z5901915

Here,

Limits of integeration whenever they are 0 to co are not mentioned.
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* * % * (13)* * * *
Y1 = qo1 + 4902921+ 403‘1§1 oy (34913,194,13)
Ya = qo1 + q02921 903934913194,13
k% x w ok (13)% % % % k%
Y3 = qo2q15921 +903915931 903915934 913,194,13
by =1~ ¢715,9Q9,9i0— lhoflz lhz’,‘lo— %fg%jo%ofn
* ok %k 7)x % * * * *
by = Z1q15Z5 +071*5(0](5% 99,10 Z10 + 956 96799,10Z10)
ok * 7 * %
bs = q18q89 + q15 (11(5%* + q56967)
L (Dx, o« * % ok k
by = (959 (01 + q02 921)+ 901956967)
and,

* x ok * k% * 7)% * ok * * * 13)* * * ok
Dy(s) = 10,0 — 910910,0 + 901915910,0 — (956 + 6](5% ) [—q15910,0(q01 + go2 + 1103(61( 31) +q34)) — 902910,0]

— * * k% x (13)= x ok x k% * * (13)% %, (9)% *
—403910,0(930 — 930913951 + 109 31 + 910934) — 15951910,0 — 910,0(934 + 9 31 )(q03(q1,10 + q18))

®)
The steady state availability is given as under
T o « _ N2(0)
Ap = tlin;vo(t) = 21_% sAp(s) = D, (0)

Furthermore, its a well known fact that g;j(t) is the pdf of the time of transition from state S; to S;
and g;;(t) is the probability of a transition from state S; to state S; during the interval (t, t + dt) ,
thus

gij(s)]s = 0 = q;5(0) = pj;
We also know that
limZi(s) = [ Z(t)dt =,
Therefore,

N2(0) = opispsibi + 3(po2 — posbr) — (Yo + 91 Y1 + 95Y3) (prospe0) + Yrops oY1 — (Yo + 1 %1)

(P1012P12,10) — Y3pos + PsY1 + (Y1 + 1IJ5P15)P03P;3)P11,9P10,11P9,10 + P10p9,1003(P1 + Psp1s)
(Yo + Y1 Y2) P11,0P10,11P9,10 + P10P18P89P9,10Y1 + Po3P3aP13,1P4,13b2 + p15pooPiobs + (Y1 + ¢3)
po3 + Pspo1pis

Here,

(13)
Y1 = po1 + pozp21+ po3(P31+ p3apis,ipai3)

Yo = po1 + Po2pP21 Po3P34P13,1P4,13

(13)
Y3 = poz2p15pP21 +P03P15P31 Po3P15P34 P13,1P4,13

by =1~ P10,9P9,10— P10,12 P12,10— P11,9P9,10P10,11

(7)
by = P1p15¢5 +p15(Psopo0 P10 + Pse Pe7Po,10P10)
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(7)
bz = p1gpso + p15 (P59 + PsePer)

(7)
by = (ps9(po1 + po2 P21)+ Po1PsePer)

(7) (13)
D,(0) = p10,0 — Po1P10,0 + Po1P15P10,0 — (P56 + P59) [—P15P10,0(Po1 + po2 + pPos (P31 + P34)) — po2Pio,0]

(13) (13) )
—p03P10,0(P30 — P30pP13P51 + P1oP31 + PioP3s) — PisPs1P10,0 — P1o,0(p3s + pa1) (pos(p1,10 + pis))

For a given system, the steady-state probability of its long-term operation is given by
Ay = im Ap(t) = lim sAg(s)

t—o0 s—0

sNo(s) . . s
= LimN,(s)lim — >
Dy (s) — MmNa(s)lim s

Since as s — 0, Dy (s) becomes zero. Therefore, applying L'Hospital’s rule, Ay becomes

_ N(0)
7 Do) @
where,

D(0) = pioo(o + $1) — proppos[(3) (1 — pisps1) + pao(P1 + pisis) — paa + paapispst (s + P13)
+ p1spaoPs + Yo (p10(1 — p3o) — paopis) — PisPi00l(Ps1o — ¥s — Ye(pse(1 — pospso))) + Yo
(1= ps1) + poepsip2] — p1sps1[(1 — pospao) (10 + P11P10,11) — Ya] + Pro,12912 + Po(pro,9+
p10,11 — Poapso[(1 — p1o) (Y10 + P11p10,11) + Y12p10,12(1 — p1spst) + Po(p109 + p1o11 — pro(1—
P10,12) + P18P10,0)] — Pro(P10 + Y11p1011) + P12(p10,12) (1 — p3a) + Pol(1 — po3) (p109 + P10,11)

+ po3(1 = p1o,12 + p3a)] + prool(potp2 + p1s(s + $9))] + p1o11 (Y11 + $o) + pro12912 + P10
®)

Using N> (0) and D’z(O) in equation[4], the expression for Ay can be determined. The system’s
expected uptime for (0,t] is provided by

t
pan(t) = [ Aow)du
So that,

45(s)

Pup(s) =

7. Busy PERIOD ANALYSIS

B;(t) is defined as the probability that, at time t=0, the system, which begins in the regenerative
state Si€ E, is undergoing repair as a result of a unit failure. To estimate these probabilities, we
utilize simple probabilistic logics, on taking Laplace transformation and solving the consequent
set of equations for By(s), we have
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Xk * * * 9)*
N3(s) = qo3qaa[a — 9155161 — 910,999,1005 — G10,12912.1006 + §13.194.13b7 + qg,1)0(¢’10
* * * * * ok % (7)* *
+ q109%9 + q10,11Y11 + 911,9910,11%9) + G15956b8 + q15q(5% (9 + g9,10%10

9)x  x

+ g9 1001011%11) + ¥1(1 — 411,949 10910,11)] + ¥4 (1 — 411,999 10410,11) + qg,10q01b9

+ qo2q21bo + ‘702‘7(1331)%9 + qgi”[%@%@(%h)] + 415956 [903¥6b1 + G0396799,10 (Y10
+ qron )] + qﬁq@*(%g%jo(%o + qr011911) — G03d1012q12,10%9) + qo3t1b1

+ q18[q02421 (¥8b1) + q8999,10 (P10 + G10,11%11)] + Gorsb1 + 15 [q01956 (P61

+ 967) o (1 — G101212,10) + G6799,10 (P10 + F10,11%11)] + %*111(;%*(1/]9(1 — 41012912,10)
+q9.20910) + 02921 [¥6 (951 — q56b1)] + q@*%(l — q1012912,10) + 5696710

+ qoaqs1 (—abr + Qqu(gg*q(lei)*%) + 9910611 — q02(910,9 + 911,9q10.11) (P2 + P1921)
+ o1 + o2 (Y2 + g2191) (1 — g1012912,10)

here,
* * * * * * *
by =1- q10,999,10 — 410,12912,10 — 911,999,10410,11

bs = 1 — Q1319413 (1 + Gis¥s + 159566 )

bs = 4 — q13194,13(P1918%s + g184s99 + 4150' % o + 41555067 0)

by = q18(1Ps + qsotPo + 8999, 10%10 + 48999,1091011¥11 — G11,999,10410,118)

bs = 6 + Ge7h9 + Go74910%10 — G10,12912,10%6 — G11,999,10910,11%6 + 967491091011 P11
by = P10 + Poq10,9 + G101 (P11 + q11,0%9)

bio = P9 + g9, 10910 + 9104101111 — G10,12012,10%9

bi1 = qo1(¥1(q109 + J119010,11)) + q%q@*qmﬁﬂpn

and, D;(s) is same as given in equation [3].
The probability that the repairman will be busy in the long run is as follows:

L o <y _ N3(0)
By = tlLIgloBo(t) = ll_I)l’é sBo(s) =

!

D»(0)

where,
N3(0) = pospas[tps — p15ps1b1 — P109pP9,1005 — P10,12P12,1006 + P13,1P4,1307 + Pl(,gl%(llﬂlo
+ p10,9¥9 + P1o11%11 + P11,9P10,11%9) + P15Psebs + P15P(579)(1P9 + po,10¢10
+ po,0P1011%11) + P1(1 — p11,9p9,10P1011)] + Ya(1 — p11,9p9,10P10,11) + Pl(,glz)Po1b9
+ pozp21be + Posr’(;i’)% + q(;%)[l?03p18(ll)sbl)] + p15ps6[Poseb1 + pospezpe,10(P10

7
+ pro1t)] + P15P(59)(P03P9,10(1P10 + p10,11%11) — Po3P10,12P12,10%9) + posPibi
+ pislpoap21 (Ysb1) + psopo,io (Y0 + pio11911)] + po1Psbi + pis[po1 pse(Pebi

7
+ pe7)Po(1 — pro12P12,10) + Pe7po,10(P10 + Proa1¢P1)] + P01P(59)(1P9(1 — P10,12P12,10)
7
+ po,10t10) + poap21[Pe(ps1 — psebi)] + P(59)llﬂ9(1 — P10,12P12,10) + Ps6Perbio

7) (13
+ poapsi (—yabr + P03P(59)P(31)1P9) + po,10b11 — po2(pP109 + P119p10,11) (P2 + Y1p21)
+ po1¢1 + po2 (2 + p21¢1) (1 — pio,12P12,10)

here,
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b1 =1—pio9pe,i0 — P10,12P12,10 — P11,9P9,10P10,11
bs = 4 — p13,1Pa13(Y1 + p1sys + pispses)
7

be = P4 — p13,1P4,13(P1P18Ys + P1spsotpo + P15P(59>1P9 + p15Ps6P6749)
by = p1s (s + psotPo + Psape,10¥10 + P8ope,10P10,11%11 — P11,9P9,10P10,11¢8)
bg = Y6 + pe7Po + Pe7P9,10¥10 — P10,12P12,10¥6 — P11,9P9,10P10,11¥6 + P67P9,10P10,11 P11
by = P10 + Popio9 + P1o11 (P11 + p11,9¢Pe)
bio = P9 + po, 1010 + P9,10P10,11¥11 — P10,12P12,10%9

7
b11 = po1 (1 (P09 + P11,9p10,11)) + P15P(59)P10,111P11

and D;(O) is same as obtained in [5].
During (0,t], the repairman’s expected busy time is given by

po(t) = [ Bo(u)a

So that,

8. EXPECTED NUMBER OF REPAIRS

When the system begins from regenerative state S;, V;(t) is described as the expected number of
repairs over the time range (0,t] of the failed units. Furthermore, given the definition of Vj(t), the
recurrence relations can be framed easily and, taking their Laplace- Stieltjes transformations and

solving the consequent set of equations for V(s), we get

Vo(s) = Nu(s)/Ds(s)
where,

Ny(s) = éozézl[—émbz - 51(,91)052518(589(59,10172 - (515(5(579)59,10172 - élSé%éWQ;lObZ]
+ (503(534[513,1 54,1351 — Quobr - él(,%bz + Qu5Qs1b1 — Q15 Qs 59,10172 — Q15056
é67é9,10b2 - (5155(579)59,1052] + Q15Qs0[—Qun 59,1052 - (503(:39,10(:3(5?)52](:)15
[—(501 5(579)(59,10% - émé%émémobz] ~ Qu Qi1
here,

b1 =1—Q109Q9,10— Q10,12Q1210— Q11,9Q9,10Q10,11
by =1 - Q100 — Qi10,12Q12,10

and Dj(s) is written by replacing qt-j and q(];])-* by (NQij and é(f]) respectively in equation[3].
The expected number of repairs per unit over time in the steady state is represented as
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Vo = Km Vi(t) = lims Vo(s) = M@
0 f—sco 0( ) 550 0( ) D;(O)

where,

) (7)
N4(0) = poapai1[piob2 — p1,10b2 — pispsopoe,ioba — P15Psape,10b2 — P15P56P67P9,10b2) + Po3paa

) (7)
[P13,1P4,13b1 — p1ob1 — p1,10b2 + pispsibi — pispsope,10b2 — PisPsePerPo,i0b2 — P15P59

(13) (7)
P9,1002] + p18psalpo1Pe,1002 — Po3pe,10P31b2] pis[—Po1psepe 1062 — Po1PsePerPe,10b2] — poipiobi)
here,
b1 =1 - p109p9,10 — P10,12P12,10 — P11,9P9,10P10,11

by =1 — p1o0 — P10,12P12,10

9. Prorir FUNCTION ANALYSIS

Having determined the reliability charateristics, the profit function P(t) can be calculated. Profit
is defined as excess of revenue over the cost, hence the expected total profit made during(0,t] is
expressed as :

P(t) = Expected total revenue in(0,t] - Expected total expenditure in(0,t]

= Koprup (t) — Kypp(t) — K2 Vo (t)

where,

Ky = revenue per unit up time of the system.

Kj = The cost per unit during which the repairman is engaged to fix the failed unit.
Ky = Cost of repair of each unit.

The expected total gain per unit of time in steady state is provided by:

p— tim 2 _jim s2P(s)

t—oo t 5—0

Therefore, we have
P = KyAy)— K1By — K,V 6)
10. EsTIMATION OF THE PARAMETERS, MTSF, AND ProFIT FUNCTION

10.1. Classical Estimation

10.1.1 ML Estimation

Let us take

X1 = (¥11,%12, 0 X0y ), Xo = (x21,%0,.X0n,), X3 = (X31,%X32 s X303),
Xy = (x4, %40, s Xan,), X5 = (x51,%50, - X5n5), Xe = (X61,%62, s Xbng ),
X7 - (x71/ X72) cees x71’l7) and X8 = (x81/ X82/ ++es xSi’lg)

TNherefore, Likelihood function of combined sample is :
L= (Xll XZ/ X3/ X4/ XS/ X6/ X7r XS |OC], X, X3, )\1/ /\2/ /\3/ Y1, 72)
The pdf of exponential distribution is f(x,A) = Aexp(—Ax), x >0, A>0

L =aq" a3 A ™ A5 A3 017 "8 exp — (a1 Wy + aoWo + ag W3 + AWy + A W5
+ A3We + 11 W7 + 12 Ws)
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Here, W; = ¥, | x;5;1=1,2,3,4,5,6,7.8
On solving, we get

logL = nilogaq + nylogay + nzlogas + nglogAy + nsloghy + nglogAs + nylogyr + nglogy,  (7)
— (W1 + aaWa + a3 W3 + A Wy + A W5 + A3 W5 + 41 We + 72Ws)

The, MLE (&1, &7, &3 ,A1, Az, As, 41 ,92) of the parameters
(“1, ao, 03, 1, Az, A3, 71, ’)’2) are as under

S _ nl A _ nz
&1 = wys &2 = w,
A n 4 n
&3 = 7, M= w
A, — s A 6
AZ - Ws’ A3 — W
~ _ Tl7 ~ _ ns
= wy 2= W,

The asymptotic distribution of (] — a1, 6 — ap, o3 — a3, M =AL A2 — Ay, A3 — A3, 1 — 71, P2 —
v2) ~ Ng(0,171), where I is the Fisher Information matrix with diagonal elements as

=M =N =" = =I5 = e =7 E
=23 =3 Is=g =3 k=3 k=3 Ir=:173 Is=:3
and all non-diagonal elements are zero. Using MLE’s invariance property, we can extract The MLE
M & P of MTSF and Profit function. Also, asymptotic distribution of (M — M)isN(0, A’ 1A) &

that of (P — P)isN (0, B'I"!B), where

A/:(zSM oM M M oM M M JM)

duy’ dap’ duz” Onp’ SAy” SA3” 61’ 672

B/:(zSP 0P 6P 6P P 6P 4P JP)

(50{1 4 (5“2’ (50{3’ 15/\1 4 tS/\z’ 15/\3’ 671 4 5’)/2

10.2. Bayesian Estimation

Bayesian estimation is a statistical approach which is utilized to determine the impact of prior
knowledge as well as the sample information on prior distributions of the parameters under study.
The parameters involved in the model are taken to be random variables having independent
Gamma prior distribution. Here, we estimate the unknown parameters taking into account the
gamma prior distribution and the corresponding PDFs as

aq ~ Gamma(ay,by) (x1,a1,b1) >0, (8)
ay ~ Gamma(az, by) (ap,a2,by) > )
a3 ~ Gamma(as, bs) (w3, a3, b3) > (10)
A ~ Gamma(ay, by) (A1,a4,by) > (11)
Ay ~ Gamma(as, bs) (Ag,a5,b5) > (12)
A3 ~ Gamma(ag, bg) (A3, a6,bg) > (13)
Y1 ~ Gamma(az, by) (v1,a7,b7) > (14)
Y2 ~ Gamma(as, bs) (72,a8,bs) >0, (15)

Here,a; and b; (i =1,2,3,4,5,6,7,8) denotes the shape and scale parameters
Now using likelihood function and taking prior distributions, the posterior distributions of these
parameters are calculated as given below:

a1| Xy ~ Gamma(ny + ay, by + Wy) (16)

ap| Xy ~ Gamma(ny + ap, by + W) (17)
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a3| X3 ~ Gamma(ng + az, by + Ws) (18)
M| Xy ~ Gamma(ng + ag, by + Wy) (19)
A2| X5 ~ Gamma(ns + as, bs + Ws) (20)
A3|Xg ~ Gamma(ng + ag, bg + We) (21)
7 |)£7 ~ Gamma(ny + a7, by + Wy) (22)
72|)£8 ~ Gamma(ng + ag, bg + Wg) (23)

To derive width of HPD intervals and Bayes estimates for parameters, we generate observations
from the posterior distributions listed above. To obtain Bayesian estimation of MTSF and profit
function, the above draws are put directly into the equations [2] & [6]. Using a squared error loss
function, Bayesian estimates of parameters and reliability characteristics are derived from the
sample means of the relevant drawings.

11. SIMULATION STUDY

To explore the behaviour of parameters, estimates and reliability aspects, a simulation study is
carried out. The values of the Standard Error (SE)/Posterior Standard Error (PSE) and the width
of confidence/HPD intervals are shown in table 1-6. Samples of sizes n| = ny = nz =ny = ns =
ne = ny = ng = 100 were taken from the six investigated distributions while presuming various
parameter values as shown in Tables 1-6. The number of iterations used is 10000. R software is
used for the computations purpose.

Table 1: MTSF values for fixed Ay = 0.05 and varying a;

«1 True MTSF MLE.MTSF SE CI  Bayes MTSF PSE HPD Interval

0.1 13.438 10.101 0.0107  0.0078 10.024 0.00070 0.00051
0.2 5.188 5.075 0.0099 0.0074 5.021 0.00063 0.00046
0.3 3.689 3.420 0.0100 0.0073 3.353 0.00062 0.00046
0.4 2.986 2.565 0.0099 0.0074 2.520 0.00061 0.00044
0.5 2.565 2.091 0.0102 0.0074 2.020 0.00061 0.00044
0.6 2.281 1.756 0.0104 0.0078 1.686 0.00061 0.00045
0.7 2.075 1.518 0.0106  0.0078 1.448 0.00059 0.00044
0.8 1.918 1.343 0.0109 0.0079 1.269 0.00061 0.00045
0.9 1.795 1.204 0.0111  0.0082 1.131 0.00062 0.00045

1 1.696 1.123 0.0111  0.0083 1.020 0.00046 0.00044
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Table 2: MTSF values for fixed A1=0.45 and varying ay

«1 True MTSF MLE.MTSF SE Cl Bayes MTSF PSE HPD Interval
0.1 16.785 10.257 0.0023 0.017 10.063 0.0016 0.0012
0.2 5.934 5178 0.0016 0.011 5.043 0.0011 0.00082
0.3 4.163 3.477 0.0013  0.010 3.368 0.0094 0.00069
0.4 3.341 2.626 0.0012  0.0093 2.531 0.00085 0.00062
0.5 2.846 2.111 0.0012  0.0089 2.028 0.00078 0.00058
0.6 2.511 1.76 0.0011  0.0086 1.693 0.00076 0.00056
0.7 2.268 1.528 0.0011  0.0086 1.454 0.00074 0.00053
0.8 1.082 1.354 0.0011  0.0086 1.275 0.00072 0.00053
0.9 1.936 1.230 0.0011  0.0081 1.135 0.00070 0.00052
1 1.817 1.114 0.0011  0.0086 1.024 0.00071 0.00051
Table 3: MTSF values for fixed A1=0.85 and varying aq
x1 True MTSF MLEMTSF  SE CI  Bayes MTSF PSE HPD Interval
0.1 19.686 10.359 0.032  0.024 10.111 0.0026 0.0019
0.2 6.500 5.219 0.020 0.015 5.064 0.0016 0.0011
0.3 4.524 3.479 0.016 0.012 3.382 0.0012 0.00091
0.4 3.612 2.661 0.014 0.010 2.541 0.0010 0.00078
0.5 3.063 2.135 0.013  0.0098 2.037 0.00095 0.00071
0.6 2.691 1.804 0.012  0.0093 1.700 0.00091 0.00066
0.7 2.419 1.548 0.012  0.0091 1.460 0.00085 0.00062
0.8 2.211 1.377 0.011  0.0088 1.280 0.00081 0.00060
0.9 2.047 1.219 0.011  0.0088 1.140 0.00080 0.00059
1 1.913 1.104 0.011 0.0087 1.028 0.00077 0.00057
Table 4: Profit values for fixed A1=0.05 and varying aq
a1 True profit MLE.Profit SE  CI Bayes Profit PSE HPD Interval
0.1 824.23 119.48 143 2.09 43.20 1.34 0.99
0.2 593.60 114.18 1.37  1.99 42.37 1.31 0.80
0.3 496.60 104.81 1.30 1.99 41.14 1.17 0.74
0.4 429.96 100.09 126 1.82 39.83 1.13 0.73
0.5 377.55 95.95 117 1.76 38.73 1.07 0.80
0.6 334.00 87.59 112 1.66 37.80 0.88 0.72
0.7 296.75 83.67 1.07 1.59 36.66 1.06 0.98
0.8 264.30 80.17 1.05 1.51 35.84 0.93 0.87
0.9 235.69 85.81 099 1.46 34.96 0.96 0.85
1 210.22 83.14 096 1.40 33.76 0.93 0.86
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Table 5: Profit values for fixed A1=0.45 and varying aq

«1 True profit MLE.Profit SE C.I Bayes Profit PSE HPD Interval

0.1 852.97 121.30 147 212 43.42 1.41 1.02
0.2 638.57 115.93 140 2.04 42.23 1.34 1.09
0.3 539.29 110.87 1.33 198 41.41 1.09 0.96
0.4 469.04 106.09 1.29 1.84 39.97 1.19 0.95
0.5 413.21 101.62 121 1.76 39.12 1.03 0.82
0.6 366.64 97.00 1.16 1.69 37.91 0.93 0.98
0.7 326.78 92.87 111 1.62 36.84 0.99 0.70
0.8 292.10 89.00 1.06 1.54 35.87 1.01 0.96
0.9 261.57 84.73 1.01 1.50 34.84 0.77 0.85

1 210.22 81.18 097 144 33.90 0.79 0.83

Table 6: Profit values for fixed A1 = 0.85 and varying aq

a1 True profit MLE.Profit SE CI Bayes Profit PSE HPD Interval

0.1 871.88 123.18 1.49 220 43.45 1.32 0.99
0.2 671.99 117.34 145 210 42.33 1.26 0.75
0.3 572.73 112.39 135 2.02 41.31 1.05 0.90
0.4 500.62 107.48 129 193 40.07 1.18 0.90
0.5 442.57 103.13 124 1.82 39.12 1.009 0.82
0.6 393.82 98.24 119 1.74 38.12 1.008 0.77
0.7 351.93 94.19 113 1.66 36.93 1.06 0.87
0.8 215.41 89.78 1.07 1.60 35.84 1.05 0.74
0.9 283.24 85.91 1.03 1.53 35.26 0.87 0.70

1 254.65 82.00 096 1.45 34.02 0.85 0.84

12. GRAPHICAL STUDY

A graphical analysis of the system model provides a more insightful and vivid representation of
system behaviour. So for more concrete study, we plot MTSF and Profit function wrt &4 failure
rate of unit A for different values of A; repair rate of unit A as 0.05, 0.45 and 0.85. Here all other
parameters are fixed ap= 0.9, a3= 0.15, A,=0.35, A3=0.45, c=0.7, 71=0.6 and ,=0.8.

o= o Y T
wl o -aan
LR o

Figure 2: (a)Behaviour of MTSF wrt to «q for different values of A1 and (b)Behaviour of P1 &P, wrt to ay for different
values of A1

377



Poonam Sharma, Pawan Kumar RT&A, No 3 (79)
ANALYSIS OF TWO NON-IDENTICAL... Volume 19, September 2024

B T S

Figure 3: (a)Behaviour of True MTSF, MLE MTSF & Bayes MTSF wrt to aq for Ay= 0.05 and (b) Behaviour of True
MTSF, MLE MTSF & Bayes MTSF wrt to aq for Aq= 0.45

Figure 4: (a) Behaviour of True MTSF, MLE MTSF & Bayes MTSF wrt to aq for Ay= 0.85 and (b) Behaviour of True
Profit, MLE Profit & Bayes Profit wrt to ay for A;=0.05

Figure 5: (a)Behaviour of True Profit, MLE Profit & Bayes Profit wrt to ay for Ay= 0.45 and (b) Behaviour of True
Profit, MLE Profit & Bayes Profit wrt to aq for Ay= 0.85

13. DiscussioN AND CONCLUSION

1. Tables and figures exhibits that MTSF decreases as the failure rate x; increases, but increases as
the repair rate A; increases. The same trend is followed for the profit function.

2. Tables 1-6 indicate that for fixed and variable parameters, Bayes estimates of the MTSF and
profit function perform better than MLEs in terms of SE as well as in terms of the width of the
confidence intervals as they have lower PSE and the width of HPD intervals.

3. Based on the above discussions, we conclude that for estimating the MTSF and Profit function
of the analyzed model, Bayes approach outperforms the Classical approach.
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